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Abstract

The question for the effectiveness of inter-organizational collaboration gains much attraction in the
light of social network analysis. We analyze this by the case of Initial Public Offering (IPO) deal
networks as this is a valuable example for the repeated collaboration of autonomous organizations on
a shared goal and data is publicly available.

We use the social networks established through deal activities over time as independent variables
explaining the success of the IPO. Although we did not find statistically significant support for the
impact of centrality for neither the lead manager nor the consortium banks, we see that the clustering
among the consortium banks is a significant driver for IPO success. The higher the clustering amongst
the collaborating consortium banks the better the performance of the issued share. We thereby provide
initial evidence for the influence of network structure on IPO success and show that the build-up of the
consortium has a significant impact on the success of the IPO.

In terms of methodology, we explore a way of constructing networks from previous collaborations
which form the basis for proven analysis techniques and might help to shed light on various questions
in the domain of inter-organizational collaboration.

Keywords: Collaboration, Social Network Analyses & Economic Implications, Network Positions,
Organisational & Inter-Organisational Initiatives.



1 INTRODUCTION

The past decades have seen a constant shift away from traditional monolithic corporate structures. The
importance of alliances, multi-organizational collaboration increased dramatically (2005), which is
also reflected in increased Information Systems (IS) research on collaborative support systems,
organizational implications and impact of IS (Makipéé, 2006). In such multi-organizational networks,
social relations and their details thus become frictional matters (Granovetter, 1985). Research in this
field received substantial impetus from the upcoming analysis of social networks since the network
structure amongst the collaborating organizations might be one important driver for the effectiveness
of inter-organizational collaboration. Effectiveness is seen as the ultimate success measure of such
inter-organizational collaborations and is thus subject of manifold research streams (Marco & Umit,
2006; Melville et al., 2004).

A typical showcase for such situational inter-organizational collaboration is the case of deal networks
for initial public offerings (IPOs) on stock exchanges. Participating banks known as “syndicate
members” or “underwriters” (Corwin & Schultz, 2005) share costs, pool and spread risk as well as
provide access to complimentary (sales) resources and face typical sources of conflict lying in
relationship interdependencies (Kumar & van Dissel, 1996), possibly resulting in alliance unstability
and underperformance (Bignoux, 2006). Although such situational emerging of project-related social
structures is an ideal object of investigation, there is no research on the network structure of PO
consortiums, yet. Or, as Gulati & Higgins put it as an opportunity for future research: ,,Scholars could
also examine the effects that different network clusters of intermediaries have on IPO success™ (Gulati
& Higgins, 2003).

The remainder of our paper is organized as follows: Chapter 2 surveys the relevant literature for both,
inter-organizational effectiveness and Social Network Analysis (SNA) in the domain of IPO deal
networks, and introduces our hypotheses. Chapter 3 introduces our methodology while chapter 4
constitutes the core of our paper. First we describe the data in detail before we present some
descriptive results. Subsequently we test the hypotheses from chapter 2. The findings are then
discussed in chapter 5 concluding the paper.

2 PREVIOUS RESEARCH

2.1 Inter-organizational effectiveness in IPO consortiums

The question of organizational effectiveness has been established as a subject of IS research. Although
there are important epistemological differences between the fields of IT and organization studies, there
is growing research interest in integrating institutional analysis especially in IS research (Orlikowski
& Barley, 2001).

Due to the growing importance of networked organizations and alliances, there is a shift from
organizational effectiveness to inter-organizational effectiveness. As organizations are more and more
regarded from an open systems input-process-output perspective (Scott, 2003), they are urged to
modify and respond to their environments along with the challenges involved. One opportunity is to
establish alliances and partnerships, which is the case with IPOs.

Bakos & Treacy (1986) see the inter-organizational effectiveness of such alliances as decisive for
competitive advantage based on comparative effectiveness. Inter-organizational effectiveness relies on
the success of multi-organizational collaboration. Success factors for these were studied by Mattessich
et al. (2001) or Ackermann et al. (2005), who identify five dominating themes regarding multi-
organization collaborative teams in their literature review (lack of history, conflicting goals, complex



politics and power, multiple roles, nature of the client), which emphasize the importance of well-
established network structure of cooperation.

Network organization concerns those approaches focusing on relationships within and beyond
organizations or, as Granovetter (1985) proposed, reflect the social embeddedness of economic
actions. An inter-organizational collaboration reflects a higher state of a company which can not be
analyzed as an autonomous agent but as being a part of a system embedded in inter-organizational
relationships. Especially the “network approach” (Hakansson & Ostberg, 1975; Hékansson, 1987),
“social network perspective” approach (Gulati, 1998), “Resource Dependence Theory” (Pfeffer &
Salancik, 2003) or “relational view” approach (Gulati et al., 2000; Dyer & Singh, 1998) try to capture
the relationships between inter-organizational partners.

As we introduced, the collaboration of several investment banks in the context of an IPO is a typical
representation of such inter-organizational relationships. The question for the impact of organizations’
social context on IPO performance has attracted much attention in recent years (Gulati & Higgins,
2003) and networks relationships are regarded as critical (Corwin & Schultz, 2005), but as a lot of
research focused on inter-personal networks, inter-organizational aspects were neglected (Gulati &
Westphal, 1999). Nevertheless, the importance of inter-organizational networks for PO was
acclaimed, based on surveys of firms going public (Brau & Fawcett, 2006) as well as on market
observations, where Stuart et al. (1999) show, that relations to prominent organizations are valued as a
signal for the quality of an IPO and thereby positively affect the performance. In addition, Gulati &
Higgins (2003) show, that there is a significant relationship between the broker’s reputation and the
IPO success.

Still, there is no substantial analysis of the network structure of IPO consortiums and the potential
impact of specific network structure characteristics on the performance of the managed IPO has not
been examined yet.

2.2 Social Network Analysis of Deal Networks

As one major research stream in the New Economic Sociology, organizational science, and recently in
IS, the analysis of social networks provides explanatory insights into the performance effects of
organizations and inter-organizational collaborations (Provan & Milward, 1995). As derived above,
deal networks are typical for inter-organizational collaborations as they fully meet typical definitions
in existing literature. While a range of different definitions of inter-organizational collaboration exists,
we follow the definition of Hardy et al. defining it as a “cooperative, inter-organizational relationship
that is negotiated in an ongoing communicative process, and which relies on neither market nor
hierarchical mechanisms of control” (Hardy et al., 2003). This definition encompasses a wide range of
collaborative arrangements although it distinguishes collaboration from other forms of inter-
organizational activities which have a more cooperative character but where cooperation is either
purchased or driven by governmental regulations.

The performance of collaborations is assumed to significantly depend on the coordinator of the
network, who should possess the competence for managing complex networks. The role of the
“Broker” (Miles & Snow, 1986), “network organizer” (Windeler & Sydow, 2001) or “network
integrator” (Galbraith, 1998) depicts this coordinating function. Pollock et al. (2004) introduce the
similar concept of the network architect as a function to manage structural holes in mediated financial
markets (developed in the context of US IPOs). This central participant fulfils four core tasks (Sydow,
2004): (1) selection of network partners, (2) allocation of tasks and resources, (3) regulation of
collaboration and (4) evaluation of organizations, relations and the network. Especially the selection of
network partners is regarded as “crucial in any networked organization” (Galbraith, 1998 p 86). Basis
for such a central role would be an advance in market or technology knowledge or reputation as well
as the competence for managing complex networks (Ritter & Gemiinden, 2003).In an IPO context, the
leading manager as such a network architect basically performs Galbraith’s integration function.



In social network analysis, the centrality, as a dominant concept reflects the position of the actor
within the network (Poulin et al., 2000). Actors are “more central to the extent they have more
relations with more members of the network (relational), play a role that is more connected to other
roles (positional), are higher in the hierarchy (prominence), have a greater range of ties (range), and
are more tied to non-connected others (brokerage)” (Zack, 2000).

Considering the importance of the lead manager as network architect and its centrality, we thus
hypothesize:

HI: The higher the centrality of the lead manager, the better the performance of the issued
shares.

One effect of collaboration, often cited in strategy literature, lies in its potential to increase
organizational resources and capacities. This has positive effects due to the availability of key
equipment, intellectual property, personnel or organizational knowledge (Dyer & Singh, 1998). On the
background of deal networks, a considerable amount of sales resources are necessary to place the issue
among the market participants. Due to the underlying business models, specific knowledge on the
broker side might come in handy to facilitate an adequate placement. Although communication and
coordination among the collaborators may be more complex as in a monolith structure (Kumar & van
Dissel, 1996), the client base, potentially increased by a network structure, is regarded as highly
decisive for the IPO success (Brau & Fawcett, 2006) and the performance could benefit from
increasing the number of underwriting IPO banks especially by raising media and market attention
(Corwin & Schultz, 2005). In our case, the involvement of a higher quantity of brokers might reflect
this, when assuming a ceteris paribus condition, i. e. when broker’s transaction experience is
controlled for. Therefore we hypothesize:

H2: The more banks in the consortium, the better the performance of the issued shares.

Not only the lead manager benefits from a position well-connected to all other market participants, but
also the other consortium banks contribute significantly to the success of an IPO (Carter et al., 1998).
Their relational sales power is reflected by their centrality in the inter-organizational network and
could positively affect the share performance. Hence,

H3: The higher the average centrality of the consortium banks, the better the performance of
the issued shares.

Network coordinators can increase the stability of the network by including partners with “embedded”
relationships in the deal network (Pollock et al., 2004). According to Granovetter (1985) market
relationships differ in their degree of embeddedness, from loose ones to dense networks of social ties
promoting trust and cooperation, depending on frequency (e.g. Baker, 1984; Granovetter, 1985) and
the concentration (e.g. Baker, 1990; Larson, 1992; Uzzi, 1996) of transactions.

As Fischer et al. (2004) argue for the case of US IPO investor networks, embedded relationships based
on prior transaction histories (1) decrease opportunistic behaviour (Uzzi, 1996), (2) facilitate
information transfer (Larson, 1992; Uzzi, 1996), (3) influence the acquisition and use of power (Baker,
1990), (4) build trust between the transaction partners (Uzzi, 1996), and (5) reduce market volatility
(Baker, 1984) and therefore help to create stable networks.

Homans (1974) introduced the “cohesion-compliance” hypothesis where he argues that a dense
network of social relations helps a group to solve social dilemmas. Following this idea, Coleman
(Coleman, 2000) also explained informal control as an exchange of compliance for social rewards and
exchange of approval is thereby a powerful to produce eager overcooperation.

We assume the same for the case of deal networks and operationalize the embeddedness with the
clustering coefficient, usually applied as proxy measure for cooperation (Chwe, 2000; Wang et al.,
2006), thus



H4: The higher the clustering coefficient amongst the consortium banks, the better the
performance of the issued shares.

Note that an increasing number of agents in a clique makes dense clustered sub networks more
unlikely. One can often observe a negative correlation between the clustering coefficient and the
number of agents in the clique. The effectiveness of the inter-organizational collaboration, however, is
supported at most by a big network gathering resources and dense as well as stable network relation
(Arias, 1995). Therefore we hypothesize:

H5: The higher the absolute number of ties between the consortium banks, the better the
performance of the issued shares

3 METHODOLOGY

3.1 Overview

The underlying research question as well as the hypotheses derived in the prior section induce a
positivist research approach (Orlikowski & Baroudi, 1991 p 5; Chua, 1986). Analyzing the market
data for IPOs and building the social network of the dealer structures, we can determine the impact of
the network positions and test the hypotheses.

We use metrics from social network analysis to quantify the position of the organization within the
overall network and then regress these metrics on the measures for IPO success. We introduce both,
dependent and independent measures in the following sections.

3.2 Measurement of IPO success

The question for measurement of IPO success is frequently discussed in literature. Usually, the success
is measured by (1) capital market effects reflected in stock price development or by (2) fundamental
effect reflected in financial reporting. Depending on the intended use, some authors rely on a
combination of capital market and fundamental development for a holistic evaluation of the IPO
success (DeGeorge & Zeckhauser, 1993).

Though, the fundamental development of IPOs is only indirectly linked to the success of the IPO
consortium, we prefer the measurement based on the capital market success, i. e. the development of
stock prices after 180 days / 360 days (following e. g. Bessler & Kurth, 2007; Luca & Carola, 2007).

The success is interpreted as the abnormal returns of the specific share according to the market
adjusted returns model. The model assumes that ex ante expected returns are the same for all
securities and therefore equal in any period to the expected market return in that period (Strong, 1992
p 536). We calculate the abnormal returns therefore as “Buy-and-Hold-Abnormal-Returns” (BHAR)
(Ritter, 1991) separately for two time periods (180 days, 360 days) as well as including and excluding
the first day returns (from offer price to first day close).

3.3 Measurement of IPO sentiment

As the market attitude for IPOs might be of high impact for the success (Ljungqvist et al., 2006) we
include an index for the IPO sentiment as control variable. As survey-based sentiment indices for the
German stock market are not available for the relevant period, we draw on the IPO underpricing
sentiment index (Achleitner, 2006), operationalizing the general market attitude by a weighted average
of the underpricing of IPOs in previous periods.



34 Social network analysis

Social network analysis maps relationships between agents in social networks. Such agents are often
individuals, but may also be organizations or groups. Agents are usually presented as vertices and
relationships as links or ties. These two parts then constitute the social network. In an undirected
network, which we assume here, the degree of a vertex is defined as number of edges which
interconnect. Degree is often interpreted as a form of popularity and in the context of IPOs degree
centrality is thus a measure for interoperability.

As a second measure for centrality, we introduce betweenness here: In social network analysis
“betweenness” measures the degree an agent lies between diverse parts of the network (Freeman
1979). It measures the extent to which a node is directly connected only to those other agents that are
not directly connected to each other. We call agents with high betweenness “intermediaries” or
“bridges” since they can access and pass information from different parts of the network. Betweenness
is a way of indexing how “powerful” an ego is within its own neighbourhood. In the context of IPOs, a
consortium bank that bridges different parts of the financial industry might give an advantage in terms
of IPO success.

Another important characteristic is the clustering within a network since it is interesting to know how
well vertices are interconnected within a specified part of a network. Social networks often encompass
subnetworks, so called “cliques” which is a group of very well interconnected individuals or
organizations. The interconnections within a clique can be measured by the clustering coefficient
(Watts & Strogatz, 1998) which accounts for the relation between existing and possible connections. If
a vertex has z neighbours, a maximum of z(z-1)/2 edges is possible between them. The clustering
coefficient for a vertex i is then defined as the ratio of existing edges w to possible amounts of edges
between the neighbours of the vertex i:

2-w
C=——
! Z-(Z—l)

The characteristic stated in latter equation describes how many neighbours of a user also have direct
connections between them, i.e., know each other. C;=1 therefore describes a situation in which all
neighbours of i are directly interconnected.

We use the different concepts for centrality to test hypotheses H1 and H3 and the clustering coefficient
for the testing of H4.

4 ANALYSIS AND RESULTS

4.1 Data

The data consists of 139 German IPOs, which were introduced at Frankfurt Stock Exchange between
1999 and 2005. Static data as well as stock prices were obtained from a major financial market data
provider. For every IPO, data concerning date, subscription price, stock price development (daily
closing prices) and IPO consortium are available. The stock prices were adjusted against the
development of the stock market index DAX.

The expertise of lead managers as well as consortium banks were operationalized as total number of
transactions and total transaction volume of all investment banking transactions (IPOs and
acquisitions) from 1990-01-01 till 2005-12-31. Data were obtained from the database Thompson
Financial. The IPO underpricing sentiment index was provided by the Center for Entrepreneurial and
Financial Studies (CEFS) at Technische Universitdt Miinchen.



We used the data of the IPOs for building the organizational networks and applied a moving-window
approach to account for changes over time. We set the length of the time window to 180 days and
considered thus the inter-organizational collaboration of actors in IPOs within the last 180 days. We
established an undirected link between every bank in a consortium to all the rest of the consortium
banks. If a link already existed, we increased the weight of this link by 1. A link between two banks
with the weight 4 therefore implies that these two banks worked together in 4 different IPOs within the
time window, i. e. the last 180 days. The networks were stored in matrix format and were readable
with Pajek.

Figure 1 depicts the exemplary network between banks at the 1999-11-02 which was the day of going
public of the SinnerSchrader AG. We omitted the names of the banks and weights of the links in order
to improve the clarity of the figure.

Figure 1. Network of Banks at 1999-11-02 (IPO of SinnerSchrader AG)

We then discarded all networks of IPOs before 1999-07-25 since the time window would have
included times before our dataset. We generated all necessary network measures for the networks
using the batch functionality of Pajek and stored them in an SPSS-file which finally allows us for
testing our hypotheses.

4.2 Descriptive Results

Gathering the latter described data we obtained n=139 IPOs in the time between July 1999 and
December 2005 (1999: 10.50bn EUR, 2000: 25.60bn EUR, 2001: 2.70bn EUR, 2002: 0.25 EUR,
2003: Obn EUR, 2004: 2bn EUR, 2005: 4.7bn EUR). The majority of the IPOs were conducted in
1999 and 2000 and the number of IPOs is nearly perfectly correlated with its raised capital (r=0.988,
p<0.01).

In most of the cases (n=111, 79.9%) no more than one lead manager was accountable for going public.
Especially in case of large IPOs we observed more than one lead manager (two lead managers: n=25,
18%; three LM: n=2, 1.4%; four LM: n=1, 0.7%). The average number of consortium banks was 2.237
with a high standard deviation of 2.238 due to some IPOs with more than 10 consortium banks.

We operationalize the development of the stock prices after 180 days / 360 days compared to the price
of'issue (BHAR Incl FirstDayReturns) and compared to the closing price at the day of the first listing
(BHAR_Excl FirstDayReturns) as success measure. Unfortunately some of the data was missing in
our data set. Table 1 depicts some descriptive data on our success measure.

This descriptive data shows that the abnormal returns heavily depend on the market reaction at the first
day. On average the investments had abnormal returns of +272% (360days: +105%) including first
day returns but had on average negative abnormal returns (180days: -20.77%; 360days: -33.07%)
when we exclude the first day returns.



N Minimum Maximum Mean Standard. Dev.
BHAR Incl FirstDayReturns180 133 -1.05 318.17 2.7267 27.59285
BHAR Incl FirstDayReturns360 139 -97 152.71 1.0585 12.98273
BHAR Excl_FirstDayReturns180 100 =77 1.92 -2077 40850
BHAR _Excl_FirstDayReturns360 105 -79 1.15 -.3307 39841

Table 1. Variance of Different Success Measures

Also note that the data in Table 1 is not controlled for the environmental sentiment and therefore
solely provides a rough overview of the performance and heavily depends on the sentiment of the
market.

To deal with the crash and the significant change in the number of IPOs after 2000, moving time
windows would not be sufficient anymore and it would take more sophisticated modelling of the
networks which is out of scope of this paper. Thus, we exclude all cases after the crash in September
2000 and focus on the cases with one lead manager and finally end up with n=84. Moreover, we focus
on the abnormal returns including first day returns and omit the discussion of abnormal return
excluding first day returns.

4.3 Test of Hypotheses

The centrality in social networks can be measured using different measures. We focus on two
measures of centrality that are widely used in network analysis: degree centrality and betweenness.
We check the bivariate correlations between these measures and our two measures for [IPO success
and list these correlations in Table 2.

Degree Betweenness
BHAR Incl FirstDayReturns180 -0.094 -0.071
BHAR Incl FirstDayReturns360 -0.086 -0.069

Table 2. Correlations between Success Measures and Centrality Measures of Lead Manager

The sign of the parameters indicates that a lead manager who is not central in the networks of banks
might be more successful. However, we do not find any significant correlation for this counterintuitive
finding. Additional regression models do not find any statistically significant influence either so this
finding is rather unstable or the influence of the lead manager is thus still open to further
examinations.

To test H2 we conduct a regression analysis with the number of consortium banks as independent
variable and the performance as dependent variables. Table 3 illustrates that the number of consortium
banks has a positive effect on the performance of the stock after the IPO. This model explains a
reasonable fraction of the variation in the data and the influence of the number of consortium banks is
getting weaker in a longer period. This model has thereby high face validity and the significant results
support our hypothesis H2. We also controlled for the influence of the underpricing sentiment which
was not significant. We thus eliminated the variable to have a parsimonious model.

In H3 we hypothesize that the average centrality of the consortium banks positively influences the
success of the IPO. We find positive correlation for the degree centrality as expected while the sign for
the betweenness measure is negative (see Table 4). However, again we have to be careful since all
correlations are not significant. It thus seems that centrality of the consortium banks does not have an
influence on the IPO success.



Constant Number of Consortium Banks R2

BHAR Incl FirstDayReturns180 -13.659 10.174%* 7.3%

BHAR Incl FirstDayReturns360 -6.558%** 4.668%* 5.7%

Table 3. Influence of Number of Consortium Banks on Performance (*** p<0.1, **p<0.05)

Degree Betweenness
BHAR Incl FirstDayReturns180 0.084 -0.056
BHAR Incl FirstDayReturns360 0.079 -0.056

Table 4. Correlations between Success Measures and Average Centrality Measures of Consortium
Banks

Since this work aims at finding evidence for the influence of inter-organizational collaboration on
success, we now evaluate H4 in detail. We examine the clustering coefficient that quantifies how well
connected the neighbours of a node in a graph are. A clustering coefficient of 1 describes a situation in
which all neighbours are directly connected. Highly connected cliques that can be identified by a high
clustering coefficient tend to have better local cooperation (in our context inter-organizational
cooperation) and these strong links are important for fostering cooperation (overcoming the prisoners’
dilemma) and coordination (Chwe, 2000). Therefore we hypothesised that well-clustered bank
consortiums should be more successful in terms of IPO success than banks that are not used to work
together. One could also argue that the clustering is positively correlated with the number or volume
of previous [POs. We therefore also use the number of previous managed transactions as additional
variable.

Constant | Avg. Clustering Coefficient | Avg. Number of R?
Amongst Consortium Banks | Previous IPOs

BHAR Incl FirstDayReturns180 -2.537 99.068** 0.001 3.4%
BHAR Incl FirstDayReturns360 -1.560 45.447** 0.001 3.1%

Table 5. Influence of Clustering Amongst Consortium Banks on Performance (** p<0.05)

Table 5 shows that the performance of the issued stocks depends on the average clustering amongst
the consortium banks supporting our hypothesis H4. We also see that experience operationalized by
the average number of previously managed IPOs is insignificant. These findings are stable even if we
replace the number of previous IPOs with the volume of previously managed IPOs. Further, we test
whether this effect is due to the size of the clique and include the number of consortium banks as
control variable. The effect of the clustering coefficient is still positive and significant (p<0.1) on both,
BHAR Incl FirstDayReturns180 and BHAR Incl FirstDayReturns360.

Thus, this finding is first evidence that repeated inter-organizational cooperation operationalized as
network measure improves the inter-organizational effectiveness. We think that is a very interesting
concept which should be researched in other contexts as well.

Although we found support for H2 and H4, it is not clear whether we can find support for H5 since an
increasing number of agents in a clique makes dense clustered sub networks more unlikely and thus a
negative correlation between clustering coefficient and the number of agents in the clique has been
observed. We, however, find support for H5. The absolute number of ties between the consortium
banks is a highly significant (p<0.01) driver for the success of the IPO. This indicates that repeated
inter-organizational cooperation increases the effectiveness and finally the probability of reaching the
shared goal.



Since the network measures are correlated above the critical value of 0.4 (p<0.01) and
multicollinearity makes it difficult to assess the effect of the independent variables on the dependent
variable, we omit further regression analyses with more than one explaining network measure.

5 DISCUSSION

In this paper we examined the influence of repeated collaboration of autonomous organizations on a
shared goal, in our case the success of an [PO which typically exemplifies problems of social
relationship interdependencies in inter-organizational collaboration and accompanying conflicts. We
collected data from different sources and constructed networks where repeated collaborations
reinforced the relationship between two organizations. We use these networks as independent
variables explaining the success of the IPO measured as the abnormal returns of the issued shares (in
line previous research). We also control for broker’s transaction experience as well as the market
sentiment. Although we did not find statistically significant support for the impact of the social
positions in terms of centrality for neither the lead manager nor the consortium banks, we see that the
clustering among the consortium bank is a significant driver for IPO success. The higher the clustering
amongst the collaborating consortium banks the higher the abnormal returns of the issued share.

Our study has several limitations which can be avenues for further research: the study focussed on
stocks in a German setting, where the market was driven by fast-growing technology companies which
were often unknown to the public before the IPO. Therefore, IPOs could benefit strongly from the
social network and reputation of the consortium banks. This might be different with other types of
transactions like buy-outs of well-established corporations — and is therefore of particular interest for a
comparative study. On the other hand, we see that the frequency of IPOs varies over the years with
occasional accumulations. A data base consisting of several decades of transactions would allow for
an (even more stable) long-term evaluation of the impact of network structures.

We hold that this paper thus contributes in two different areas: Firstly, this is an initial evidence for the
influence of network structure on IPO success. We, thereby find support for Galbraith’s conclusions
that the selection of network partners is regarded as crucial in any networked organization (Galbraith,
1998 p 86). For an IPO, the company itself or its lead manager should thus pick consortium banks that
have worked together as often as possible. The build-up of the consortium has a significant impact on
the success of the IPO. Considering the high volumes of raised capital, even small changes in the
build-up of the consortium could have notable impact in terms of performance. Generally, our findings
indicate that repeated collaboration amongst the agents in an inter-organizational setting significantly
improves the effectiveness and the propensity to reach the shared goal. Our combination of social
network analysis and regression models allows for a straightforward operationalization and
quantification of this cause-effect relationship.

Secondly, the construction of networks from collaboration data, here data from previous IPOs, might
be useful for other contexts as well. After the construction of networks, network metrics can easily be
calculated and can then be used as dependent or independent variable. This approach might help to
shed light on various questions in the domain of inter-organizational collaboration.
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